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The plastic injection molding process is essential in various industries,
including automotive, aerospace, and household goods, requiring precise
control to ensure the production of high-quality products. However, material
leakage during the injection process can lead to product defects, reduced
productivity, and safety hazards. To address these issues, we utilized ResNet to
predict whether material leakage occurs in plastic injection molding machines
or not. Specifically, we utilized a pre-trained ResNet50 model and applied
transfer learning to a material leakage dataset. The proposed model achieved
an accuracy of 97.18% in predicting material leakage for performance
evaluation. These findings demonstrate the potential of the developed model in
predicting and preventing material leakage in real-time, enhancing both
productivity and safety in plastic injection molding processes.
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