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Abstract :

Recently, more and more companies are opening Micro Fulfillment Centers (MFC) in

urban areas. MFC utilize relatively small stores as fulfillment centers, and this concept is

becoming a new distribution concept that moves more agilely and operates at a smaller scale

than traditional retail stores. One of the core tasks of MFC is to process and ship products

quickly, which requires accurate demand forecasting. However, traditional manual demand

forecasting methods have limitations in terms of handling large amounts of data, and their

accuracy is not guaranteed. To address these limitations, machine learning and deep

learning-based demand forecasting models have emerged. By automating data analysis and

forecasting, these models offer higher accuracy and efficiency. In this paper, we explain

traditional demand forecasting and design a demand forecasting system for MFC using the

Support Vector Machine (SVM) model.
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Fig. 1. ARIMA model algorithm
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